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Overview: Nearly every business experiences a certain 
level of strain between the sales and credit teams. This 
conflict happens for a variety of reasons, but it often has 
to do with poor communication, and most importantly, 
differences in goals. When this happens, the collateral 
damage is unanticipated blocked orders that impact customer 
satisfaction. Instead of being reactive, Artificial Intelligence 
(AI) predicts the likelihood of an order being blocked based 
on history. With predictive insight, the credit team can 
proactively trigger a series of automated actions to obtain a 
payment, or a commitment from the customer, and release 
credit. The insight from Machine Learning improves the credit 
management process, changing it from reactive to predictive.

Sales & Credit Departments: Friends or Foes
Accounts Receivable (A/R) teams and credit teams are 
generally responsible for ensuring and enabling transactions. 
However, this also means that these teams have to keep an 
eye on each and every transaction - something that is a non-
value-added activity that has minimal (or no) impact on the 
bottom line. 

Nearly every business experiences a certain level of strain 
between the sales and credit teams. This conflict happens 
for a variety of reasons, but it often has to do with poor 
communication, differences in goals, and a lack of training.

A primary source of conflict between the sales and credit 
team members is how they think about a sale. Sales teams 
are often trained to think in terms of the number of sales. Its 
goals are often number-based, and they are rewarded with 
commissions, so it makes sense that the sales team is driven 
to get as many transactions as possible.

The credit management team has a completely different 
perspective. Its main goal is the quality of sale; before 
extending credit, the credit department must decide whether 
customers are a good risk and whether they will be reliable 
payers over time. Credit managers have the final say about 
whether a customer will be allowed to purchase on an invoice 
or credit basis. 

The major fallout of this conflict is blocked orders. The 
sales team can’t start selling until the credit team completes 
the new application review. The sales team has to chase 
the credit team daily to release the orders.  The general 
perception is that the credit team does not directly help in 
increasing sales, and instead acts as a blocker.

Customer satisfaction is the first major casualty if orders are 
blocked, because no proactive action was taken to handle it 
before the fact. Maintaining a high frequency of periodic credit 
reviews is one way to tackle the issue, but more often than 
not, the credit team reviews and releases orders manually 
one-by-one.

Recent years have seen Artificial Intelligence (AI) 
transforming credit and finance teams. They have revised 
their focus from mere transaction-management to enhancing 
the customer experience and satisfaction. 

Reality of the Credit Department: Manually Intensive 
Credit Management
For most organizations, the entire process of credit 
management is manually driven, or at best, partially 
automated in bits and pieces. In this manually intensive credit 
review process, small customer accounts are neglected, and 
significant time is wasted both downloading and aggregating 
credit reports, and also extracting data from an ERP. But 

then again, the amount of 
to-and-fro required to get 
approvals on credit limit 
revisions delays the entire 
process.

Figure 1 illustrates the 
credit review process 
with its multiple, manual 
touchpoints. This leads to 
friction between the sales 
and credit teams with the 
customer being the victim 
of blocked orders.

Figure 1: Manual Credit Review Process
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When handled manually and in a reactive way, a blocked 
order release requires credit management, collections and 
cash application teams to work in tandem. There are multiple 
interchanges of information between the teams that result in 
a considerable amount of wasted time and resources. Figure 
2 below illustrates the manual blocked order management 
that ultimately causes sales to be delayed as the A/R and 
credit teams take time to manually release the order. The 
issue is compounded when the orders are released based on 
verbal and unreliable information.

One way to speed up the periodic credit review process is 
to automate a few of the individual sub-processes. Though 
few of the sub-processes can be automated, processes like 
fixing a suitable date for credit review and reviews for large, 
key accounts are manually driven. However, this still doesn’t 
solve the issue of small customers being neglected. The A/R 
and credit teams are left blindsided if the credit rating drops 
for any account (except large customers), leading to blocked 
orders and uncollectible receivables. Not only does this 
negatively affect sales, but customer satisfaction takes a hit 
in this situation as well. 

Way Forward for Credit Teams to Become Strategic 
Partners for Sales
What if sales and credit teams could harmoniously coexist? 
What if the credit team could predict orders which would most 
likely get blocked? What if they could proactively get in touch 
with other stakeholders to see the whole picture and notify 
the customer beforehand?  What if sales could go about their 
business without ever encountering a blocked order again? 
With predictive insight, the credit team can proactively trigger 
a series of automated actions to obtain a payment, or 

a commitment from the customer, and then release credit. 
The insight would improve the credit management process, 
changing it from reactive to predictive.

Artificial Intelligence for Credit Reviews and Blocked 
Order Prediction
The next step in getting insights for proactive action is to 
embrace AI. AI finds application in proactive credit reviews as 
it can process both large sets of structured and unstructured 
data. As illustrated in Figure 3, an AI-enabled system 
considers both internal and external factors to get a micro- 

and macro-economic 
view of a customer 
account, and then 
automatically set the 
credit review period 
triggering credit 
reviews for troubled 
accounts. This lets 
the credit team know 
about a stressed 
account even before 
an incident happens, 
allowing the A/R, 
credit and sales teams 
to work in tandem 
to drive recovery 
and collections from 
the identified at-risk 
accounts.

Figure 2: Manual Blocked Order Management

Figure 3: Internal & External Factor for Credit Review
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AI goes a step further to automate the entire credit review 
process and predicts, with a certain level of confidence, 
the probability of an order getting blocked. There are many 
Machine Learning algorithms to predict blocked orders, but 
one of the most reliable ones learns algorithms such as 
regression and classification, which rely on Decision Trees 
and Random Forest methods. This algorithm is specifically 
suited for the prediction of blocked orders, as it can achieve 
high classification performance with a set of decision trees 
that grow using randomly selected subspaces of data. The 
collections and cash application teams can then proactively 

ensure that orders are not blocked that should not be. Figure 
4 illustrates the AI enabled credit review process that predicts 
and prevents blocked orders.

This enables sales teams to start selling faster to new 
customers and support building customer relationships. 
Under the hood, Machine Learning recommends which 
customers to go after for more sales without increasing the 
risk, and helps sales identify customers that improve the cash 
flow. The benefits are multi-fold since it leads to:

• Improved top line as sales orders are no longer
blocked

• Improved customer satisfaction
• Better credit risk management
• The team can focus on critical customers

Why Random Forest Algorithm for Blocked Order 
Prediction?
Blocked order prediction is the perfect use case for AI 
platforms that rely on Machine Learning algorithms such as 
regression and classification, and are done using Decision 
Trees and Random Forest methods (Figure 5 on next page). 
Random forests (or random decision forests) operate by 
constructing a multitude of decision trees at training time 
and outputting the class that is the mode of the classes 
(classification) or mean prediction (regression) of the 
individual trees. 

In Machine Learning, 
a regression model 
is used to predict a 
continuous-valued 
output. This model 
predicts an actual 
blocked order based 
on factors like 
predicted order and 
payment date and 
their importance 
(weightage). This 
time to exposure 
graph helps the 
algorithm provide 
a recommended 
temporary credit limit 
that can help prevent a 
blocked order. 
Several of the 

attributes that are used for order prediction can be:
• Holidays (whether a day is a holiday or not) (country-

wise)
• Day of the week
• Day of the month
• Last peak amount (any amount that is greater than

66.7% of the highest peak is considered a peak)
• Number of business days from the last peak
• Last 7 days Variance in order amount (excluding

holidays and including zero/No orders)
• Last 7 days Mean in order amount (excluding holidays

and including zero/No orders)

These blocked order predictions and recommended 
temporary credit limits are key in helping to transform the 
credit team from anti-sales to pro-sales.

Defining an AI Strategy to Create Synergy between Credit 
& Sales
An organization's AI strategy should not be overly clouded by 
technology. They should understand that AI is not just a pack 
of algorithms that can be developed or bought off-the-shelf. 
It’s used to accelerate the process of enhancing existing 
applications and processes. Even before getting into the 
details of the technology, companies should determine two 
important aspects.

First, organizations need to come prepared with an in-depth 
understanding of the problem, as well as the scope of the 

Figure 4: AI-driven Credit Review Process

Figure 5: AI-driven Credit Review Process
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problem they are trying to solve. Too often, organizations 
approach these projects more preoccupied with the 
technology they use than the problem they’re trying to solve. 
Tackling projects with a technology-first mindset almost 
always leads to cost overruns, wasted time and energy, 
and even new problems born from mismanagement or 
mishandling of the newly implemented, but likely wrong 
technology. The fact is, AI and Machine Learning algorithms 
today are a dime a dozen and are widely open sourced from 
computing giants like Google and Facebook. New problems 
tend to warrant new technologies, but most problems are not 
new. AI buyers need to let their problem dictate the AI model 
they implement, not the other way around.

Second, the key to defining one’s optimal AI solution 
is determining the available training data capable of 
informing one’s chosen AI model. Typically, the higher 
the volume and variety of training data, the more robust 
the AI implementation. But in addition to making sure the 
necessary data is available and that there is enough of it, it’s 
also incumbent on organizations to ensure that their data is 
appropriately labelled and tagged in order to yield the best 
outcome. 

In the end, creating the right synergy between the sales 
and credit teams is critical for driving sales and improving 
customer satisfaction. The right AI strategy can and should 
improve the rapport between sales and credit to increase 
revenue, build solid relationships between the A/R and 
sales teams, reinforce customer relationships and reduce 
dissatisfaction from improper credit management or blocked 
orders. 

About the author:
Bill Weiss is Vice President of Business 
Development - Credit & Collections at 
HighRadius, specializing in strategic 
partnerships within the Credit & 
Collections industries. 
Mr. Weiss has acquired experience 
in credit risk and accounts receivable 
management in several organizations, 
including co-founding The CreditExchange, one of the first 
B2B online trade credit bureaus and starting/heading his 
own consulting firm.


